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Abstract; Software testing plays a vital role in software development life cyclee. How to achieve path coverage,
increase testing efficiency is the heart of the matter. This paper starts with test requirements for test requirements
reduction by path analysis, and checks the dependency among conditional statements by calculating conditional
probability to detect infeasible paths in program. In addition, this paper combines genetic algorithm (GA) with
firefly algorithm (FA), calculates fitness function by branch distance and layer approach, considers the location
update of FA as genetic operation of GA, thus reducing redundant test cases and improving the astringency of the
algorithm. The proposed method is applied to benchmark and industrial programs, and is compared with other

alternative approaches. The experimental result demonstrates that the proposed method is efficient in generating test

cases for path coverage.
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Algorithm 1

01 inti=2;

02 Setall ={1, 2, ..., end};

03 Set contained = {};

04 while(i< end) { //iEL#iEA)45 R

05 if (isBranchStart(i)) { //4> 3 IF4f
06 idi-1;

07 contained.put(i - 1);

08 }

09 else if (isBranchEnd(i)) { //% > 45 K
10 idi+1;

11 contained.put(i+ 1);

12 }

13 else { //UFAT

14 idi-1;

15 contained.put(i- 1);

16 }

17 i++;

18 }

19 result = all - contained;
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s void example (int a,int b){
1 inte,w;
2 if (@>0) {
3 c=a;
}
else{
4 c=b;
}
5 if(a+b-c>0){
6 w=a-b;
else{
7 w=b-a;
}
8 if (w>0){
9 system.out .println (TRUE );
else{
10 system.out .printl (FALSE);

}
e }
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